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FERRÉ, L. and YAO, A.-F. (2005). Smoothed functional inverse regression. Statistica Sinica 15 665–683.
GARCIA-ESCUDERO, L. A. and GORDALIZA, A. (2005). A proposal for robust curve clustering. Journal of Classification 22

185-201.
GASSER, T. and KNEIP, A. (1995). Searching for Structure in Curve Samples. Journal of the American Statistical Association

90 1179–1188.
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LIU, X. and MÜLLER, H.-G. (2004). Functional convex averaging and synchronization for time-warped random curves.

Journal of the American Statistical Association 99 687–699.
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VERZELEN, N., TAO, W. and MÜLLER, H.-G. (2012). Inferring stochastic dynamics from functional data. Biometrika 99

533–550.
WAND, M. P. and JONES, C. M. (1995). Kernel smoothing. Chapman and Hall/CRC.
WANG, K. and GASSER, T. (1997). Alignment of curves by dynamic time warping. Annals of Statistics 25 1251–1276.
WANG, S., QIAN, L. and CARROLL, R. J. (2010). Generalized empirical likelihood methods for analyzing longitudinal data.

Biometrika 97 79–93.
WANG, X. H., RAY, S. and MALLICK, B. K. (2007). Bayesian curve classification using wavelets. Journal of the American

Statistical Association 102 962-973.
WANG, J. and YANG, L. (2009). Polynomial spline confidence bands for regression curves. Statistica Sinica 19 325–342.
WU, C. O., CHIANG, C.-T. and HOOVER, D. R. (1998). Asymptotic confidence regions for kernel smoothing of a varying-

coefficient model with longitudinal data. Journal of the American Statistical Association 93 1388–1402.
WU, C. O. and CHIANG, C.-T. (2000). Kernel smoothing on varying coefficient models with longitudinal dependent variable.

Statistica Sinica 10 433–456.
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